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REACTIVE COINCIDENCE

BACKGROUND

Data sources can provide event streams to clients for
further exploitation. For example, an event stream can
include events corresponding to stock prices that are com-
municated via the event stream at arbitrary times, such as
upon a change in price of a stock. Event streams and
associated events are typically harnessed as data over which
queries can be executed. Querying enables resources (e.g.,
software, servers, applications, hardware . . . ) to utilize the
event streams and events. For instance, a particular stock
price can be monitored and a user notified when the price
reaches a certain value.

Conventional event streams comprise reactive streams of
point events that occur at a specific point in time. It can be
useful to include duration for each of the events to facilitate
exploiting event streams and respective data. Typically, two
techniques are employed to handle representing duration for
events from event streams-utilizing an end of duration event
or implementing a time stamp.

An end of duration event can be generated for each event
on an event stream. Yet, such end of duration events are not
directly correlated to corresponding events. In particular, the
event stream of events can include a corresponding stream
that includes end of duration events for each event on the
event stream. However, complications can develop as map-
ping is required between the event stream and the end-of-
event corresponding stream in order to associate an event
with a respective end of duration event. Mapping and
encoding this relationship between the event stream and the
end of duration events can be complex and inefficient.

A time stamp typically includes a variable in the time
domain that is associated with the event in which the
variable represents duration. Duration represented by a
variable in the time domain requires the entire duration to be
defined with a start and an end for accurate representation of
the duration for each event. This can lead to delay in
aggregation of events since an event end must be identified
while using a time stamp. For instance, suppose an event is
issued whenever a person was born that has a duration until
the person dies. It is beneficial to issue the event as soon as
possible but the date of death is not known until much later.
This forces a delay since the birth event will not issue until
death occurs so that the duration is certain.

Moreover, difficulty arises in representing infinite events.
The time stamp technique, as mentioned, requires the dura-
tion (e.g., a start and an end) in order to represent an event.
In order to overcome the challenges with infinite duration
events, time stamp techniques can provide an estimated
duration (e.g., start and end for events) and, at a later time,
updating the estimates. Yet, this leads to excess processing,
increased delays, and inaccurate duration representation for
events between updates.

SUMMARY

The following presents a simplified summary in order to
provide a basic understanding of some aspects of the dis-
closed subject matter. This summary is not an extensive
overview. It is not intended to identify key/critical elements
or to delineate the scope of the claimed subject matter. Its
sole purpose is to present some concepts in a simplified form
as a prelude to the more detailed description that is presented
later.
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Briefly described, the subject disclosure generally per-
tains to modeling and employing events with duration. More
specifically, an inner event stream can be generated to
represent duration of an event from an outer event stream.
By employing the inner event stream, an event duration can
be accurately represented for the outer event stream. The
inner event stream can include a start of duration and a
duration end in which the period between the start of
duration and the duration end is a duration for the event.
Generating a corresponding event stream for each event on
the outer event stream allows the outer event stream to be
modeled for representation of event duration. Moreover, the
modeled event stream can be utilized to identify coinci-
dence, or, in other words, where the duration of two events
overlaps. Furthermore, the modeled event stream can be
employed with various operators to determine coincidence.

To the accomplishment of the foregoing and related ends,
certain illustrative aspects of the claimed subject matter are
described herein in connection with the following descrip-
tion and the annexed drawings. These aspects are indicative
of various ways in which the subject matter may be prac-
ticed, all of which are intended to be within the scope of the
claimed subject matter. Other advantages and novel features
may become apparent from the following detailed descrip-
tion when considered in conjunction with the drawings.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a block diagram of an event modeling system.

FIG. 2 is a block diagram of a modeling event system that
represents duration for a point event within an event stream.

FIG. 3 depicts a modeled event stream that includes a
representation of duration.

FIG. 4 depicts a coincidence operation on a first modeled
event stream and a second modeled event stream.

FIG. 5 depicts a coincidence operation on a first modeled
event stream and a second modeled event stream.

FIG. 6 depicts a coincidence operation on an event stream
and a modeled event stream.

FIG. 7 is a flow chart diagram of a method creating an
event stream for a point event to represent duration.

FIG. 8 is a flow chart diagram of a method exploiting a
modeled event stream with duration to ascertain coincidence
between events.

FIG. 9 is a schematic block diagram illustrating a suitable
operating environment for aspects of the subject disclosure.

DETAILED DESCRIPTION

Details below are generally directed toward modeling
events with duration. It can be desirable to express queries
as a coincidence of events. For example, suppose a query
checks when two people are in the room at the same time.
Conventionally, streams are composed of point events (e.g.,
events that occur at a particular time) that require the two
people to enter the room at exactly the same moment in time
for coincidence to be determined. This is extremely unlikely
and incorrectly captures the intent of the query. The above
situation can be addressed by changing from a notion of
point events to events with duration. With this model of
events, the event of a person entering a room includes a
duration equal to the time the person is in the room. If two
events overlap in time then the events are coincident. Herein
details are provided pertaining to how to model events with
duration. By way of example, and not limitation, an addi-
tional event stream can be generated that represents duration
for a corresponding event. Additionally, a number of opera-
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tions can be built that exploit events with duration (e.g.,
“GroupJoin,” “Join,” “Window,” “Buffer WithTime,” “Com-
bineLatest,” “BufferWithCount™ . . . ).

Various aspects of the subject disclosure are now
described in more detail with reference to the annexed
drawings, wherein like numerals refer to like or correspond-
ing elements throughout. It should be understood, however,
that the drawings and detailed description relating thereto
are not intended to limit the claimed subject matter to the
particular form disclosed. Rather, the intention is to cover all
modifications, equivalents, and alternatives falling within
the spirit and scope of the claimed subject matter.

Referring initially to FIG. 1, an event modeling system
100 is illustrated that generates an event stream to represent
duration of an event. The event modeling system 100
includes a transform component 110 that receives an outer
event stream and outputs an event stream with duration (e.g.,
modeled event stream). In particular, the transform compo-
nent 110 creates a model of an outer event stream in which
the model includes an inner event stream for at least one
event from the outer event stream, wherein the inner event
stream represents duration of the at least one event. In other
words, the transform component 110 represents duration
with an additional event stream (e.g., inner event stream(s))
for each event. It is to be appreciated that the event can be,
for example, a point event. Moreover, it is to be appreciated
and understood that the outer event stream can be a source
of streaming events while the inner event stream is created
for each event on the outer event stream to represent
duration for each respective event. In other words, there can
be any suitable number of inner event streams to represent
duration for each point on an outer event stream.

The transform component 110 further includes an evalu-
ation component 120 that identifies events within the outer
event stream. For example, a data source can provide a
stream of events (e.g., outer event stream) in which the
evaluation component 120 identifies each event within the
event stream. In addition, the evaluation component 120 can
receive and/or collect the outer event stream in order to
provide analysis for event identification.

Furthermore, the transform component 110 includes a
stream factory component 130 that creates additional event
streams (e.g., inner event streams) to represent event dura-
tion for at least one event. The stream factory component
130 generates an inner event stream for at least one event
from the outer event stream in order to represent duration.
Particularly, the stream factory component 130 can create
the inner event stream for at least one event based at least in
part upon the evaluation component 120 identification of the
at least one event. It is to be appreciated that the stream
factory component 130 can generate an event stream (e.g.,
an inner event stream) for any suitable number of events
from an outer event stream in order to model duration.

By way of example and not limitation, an outer event
stream “A” can include events “W,” “X.” “Y” and “Z.” The
outer event stream “A” can be transformed from an event
stream of point events to an event stream with duration (e.g.,
modeled event stream) by creating an additional event
stream (e.g., inner event stream) for each event, wherein
each additional stream corresponds to duration for each
event. Thus, for the outer event stream “A,” the following
additional event streams (e.g., inner event streams) are
generated to represent duration: an inner event stream “w”
for event “W” (inner event stream “w” represents duration
of event “W”); an inner event stream “x” for event “X”
(inner event stream “X” represents duration of event “X”); an
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represents duration of event “Y”); and an inner event stream
“z” for event “Z” (inner event stream “z” represents duration
of event “Z”).

The stream factory component 130 further manages dura-
tion of the inner event stream. Generally, duration for an
event includes a start and an end. Thus, in order to model
event streams with duration, the stream factory component
130 creates the inner event stream that includes a start and
an end. By way of example and not limitation, durations can
have values and terminations. Yet, the stream factory com-
ponent 130 utilizes the start and the duration end and any
information in-between may or may not be maintained by
the second event stream.

By utilizing the identification of events from the evalua-
tion component 120, the stream factory component 130
executes the generation of the inner event stream at a start
of the event represented. In other words, a start duration of
an event is accurately represented by the inner event stream
generated based upon the evaluation component 120. For
instance, if event “X” is identified in event stream “A,” the
stream factory component 130 is triggered to generate the
inner event stream “X” to represent the duration of event
wy »

The stream factory component 130 can further include a
duration end for a represented event. It is to be appreciated
that a duration end can be, for example, a completion of a
message for the at least one event (e.g., end), or any message
sent (e.g., first message received from the outer event stream
upon creation of the inner event stream) for the at least one
event. Furthermore, it is to be appreciated that a duration end
can transition between using the completion of a message or
any message sent. It is to be appreciated that an event stream
with completion messages is utilized correlated with the
generated inner event streams to denote duration end.

By employing an inner event stream to represent duration
for at least one event from an outer event stream, events and
respective duration are modeled. Moreover, such modeling
by the transform component 110 does not require estimates
for duration, updates to correct estimates for duration, or
event stream encoding or mapping—all of which are
required for alternative techniques such as time stamps and
end of duration events.

FIG. 2 illustrates a modeling event system 200 that
represents duration for a point event within an event stream.
The modeling event system 200 includes the transform
component 110 that converts an event stream with point
events to an event stream with duration. Specifically, the
transform component 110 generates an inner event stream
that corresponds to duration for at least one event from an
outer event stream. In other words, the transform component
110 models the outer event stream with an inner event
stream in order to accurately depict duration of at least one
event such as a point event from the outer event stream.

The transform component 110 includes the evaluation
component 120 and the stream factory component 130. The
evaluation component 120 can monitor the outer event
stream to detect at least one event. Based upon such detec-
tion, the stream factory component 130 can create an inner
event stream for at least one event from the outer event
stream, wherein the inner event stream represents duration
(e.g., a start, an end) of the at least one event. As discussed
above, the stream factory component 130 can generate any
suitable number of event streams (e.g., inner event streams)
for any suitable number of events on the outer event stream.
For instance, the outer event stream can include event, to
event,, where “N” is a positive integer. In such an instance,
the stream factory component 130 can inject an inner event
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stream,; to an inner event stream,, where “N” is a positive
integer and inner event stream, represents duration for
event, and an inner event stream,, represents duration for
eventy.

The transform component 110 further includes a coinci-
dence component 210. The coincidence component 210
exploits the modeled event stream to determine overlap
between a first event and a second event (e.g., coincidence).
In other words, the coincidence component 210 utilizes the
outer event stream and the inner event stream representing
duration for at least one event in order to facilitate satisfying
a coincidence query with respect to one or more event
streams. As mentioned above, coincidence is a duration in
which a first event overlaps with a duration of second event
or a set of events. Stated differently, coincidence identifies a
commonality between tables of data, wherein in the tables of
data are, for instance, event streams, and the commonality is
the two events that overlap. For instance, if an event stream
is people entering and exiting a room, coincidence can be
seen as when more than one person is in the room at the
same time.

Further included with the coincidence component 210 are
operators 220. Operators 220 can deal with coincidence and
enable a query to be executed on event streams to return
results related by coincidence. By way of example and not
limitation, the operators 220 can be “Grouploin,” “Join,”
“Window,” “BufferWithTime,” “CombineLatest,” “Buffer-
WithCount” (discussed in more detail below).

In general, the operators 220 can include a number of
useful operators that deal with coincidence. “Merge” and
“Switch” are two operators that deal with coincidence and
can be adapted to the modeled event stream since both
operate on streams of streams which can be viewed as events
with duration. In fact, another operator “MergeUntil” can be
adapted to employ the modeled event stream and use coin-
cidence information to delay “Switch” operations until dura-
tion expires.

Moreover, the operators 220 deal explicitly with coinci-
dence. In each operator, it is possible to define the operator
based on explicit streams of streams, but usually users will
first map streams into this form. Therefore, the system 200
defines operators on a flat stream and provides a selector
from the event type to a duration as follows:

Stream of Streams: I0bservable<T x, IObservable<U>>,
wherein an “IObservable<T>" is turned into the above given
a selector “Func<T, IObservable<U>.”

FIG. 3 illustrates a modeled event stream 300 that
includes a representation of duration. In general, the subject
disclosure creates an additional event stream (e.g., inner
event stream) for at least one event from an outer event
stream, wherein the additional event stream represents dura-
tion for a particular event. The modeled event stream 300
includes an outer event stream 310 that includes at least one
event. Here, the outer event stream 310 (also referred to as
“X”) includes events “X,,” “X,,” and “X,.” The outer event
stream 310 further includes an end 320 (e.g., termination)
that corresponds to the end of the outer event stream
communicated events (e.g., end of transform component
receiving events from the outer event stream). It is to be
appreciated that the outer event stream 310 can be, but is not
limited to being, an event stream with point events.

As discussed in detail above, an event stream can be
transformed to an event stream with duration by injecting
additional event streams (e.g., inner event stream) to repre-
sent duration for events. An inner event stream 330 is
generated based upon the event “X,,” wherein the inner
event stream 330 will represent the duration of the event
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6

“X,.” The inner event stream 330 has a duration that begins
upon communication of “X,” from the outer event stream
until an end 340.

An additional inner event stream 350 is created based
upon the event “X,” in order to represent the duration of the
event “X,.” It is to be appreciated that the duration of the
additional inner event stream 350 is from “X;” to “Y,,”
where “Y,” is at least one of a completion of a message for
the “X,” (e.g., end), or any message sent (e.g., first message
received from the outer event stream 310 upon creation of
the additional inner event stream 350) for “X,.” It is to be
appreciated that an end represented by a rectangle bar (e.g.,
end 320, end 340, end 370, etc.) corresponds to a duration
end that is a completion of a message. Yet, “Y,” is a duration
end that is a message sent from the outer event stream 310
upon creation of the additional inner event stream 350.

An additional inner event stream 360 is created for the
event “X,” in which the duration thereof is represented. The
duration of the event “X,” is from “X,” to an end 370. It is
to be appreciated that “Z,” can be at least one value (e.g.,
message) associated with the event “X,.” “Z,” is depicted in
order to illustrate a message received with event “X,” on the
additional inner event stream 360 as well as a duration end
that is a completion of a message (e.g., represented by a
rectangle bar).

In terms of coincidence within FIG. 3, “X,” is coincident
with “X,” and “X,,” “X,” is coincident with “X,” and “X,,”
whereas “X,” is only coincident with “X,.” It is to be
appreciated that coincidence is reflexive and symmetric but
not transitive. As utilized herein, self-coincidence will be
omitted in the remainder of the subject disclosure.

The modeled event stream 300 uses higher-order streams.
In other words, the duration becomes a future (e.g., an object
acting as a proxy for a result not initially known) that will
give the duration when it is available, wherein the future is
itself an event stream. For example, a future, as utilized
herein, relates to duration of an event represented by an
event stream since the duration of such event is not initially
known. Yet, the duration is computed based upon the dura-
tion end (as discussed above). Furthermore, the future
(duration in this context) is unresolved in which the addi-
tional event stream will become resolved asynchronously,
wherein the start duration can be receipt of an event and
duration end can be at least one of a completion of a message
for the event, or any message sent for the event. The
modeled event stream is generated by modeling events with
duration as event streams of event streams as follows:
IObservable<T x, IObservable<U>>

The above can lead to a number of useful operators on
reactive streams such as “Join,” “Grouploin,” “Window,”
and “BufferWithTime,” “CombineLatest,” and ‘“BufferWith-
Count.” IObservable is employed above. As utilized herein,
it is to be appreciated that IObservable and IEnumerable can
be viewed as interchangeable within the subject disclosure
based on each having substantially similar pertinent fea-
tures. Thus, the above can be as follows:

IEnumerable<T x, IEnumerable<U>>

The following illustrates using higher order first-class
event streams to model events with duration. The type is an
event stream with data of type “I” that has an event stream
denoting the duration and the duration carries data of type
“U,” as follows:
xs=I10bservable<T x, IObservable<U>>

The following enables mapping to either of the other two
common representations as follows:
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xs.Select((value, duration) => value), xs.SelectMany((value,
duration) => duration)

// pair of event streams

xs.SelectMany((value, duration) =>

Never.Until(duration). Concat(Defer(Return((value, time))))
/I event stream with duration as time value

Duration can be modeled as an inner event stream where
a first event or an end concludes the duration. Duration can
be modeled as an inner event stream where either an event
or the end of stream can signal the end of the duration. An
implementation can then use events for the duration to carry
information or simply use normal or abnormal termination.

FIG. 4 illustrates a coincidence operation 400 on a first
modeled event stream and a second modeled event stream.
The first modeled event stream includes the outer event
stream 310 from FIG. 3 and is herein referred to as first
modeled event stream 310. FIG. 4 depicts a coincidence
operator “GroupJoin” executed between the first modeled
event stream 310 and a second modeled event stream 410.
The second modeled event stream 410 includes events “A,,”
“A,,” and “A,” with a termination (e.g., end) 420.

The event stream (also referred to as “A”) having the
events “A,,” “A,,” and “A,” can be employed to generate
the modeled event stream 410, as discussed above. In
particular, an inner event stream 430 is generated to repre-
sent duration for event “A,” (having an end 440), an
additional inner event stream 450 is created to represent
duration for event “A,” (having an end “B,” based on “B,”
being an event that terminates the duration), and an addi-
tional inner event stream 460 is generated to represent
duration for event “A,” (having an end 470). It is to be
appreciated that “C,” can be at least one value (e.g., mes-
sage) associated with the event “A,.”

A “GroupJoin” operator determines coincidence between
the first modeled event stream 310 (also referred to as “X”)
and the second modeled event stream 410 (also referred to
as “A”). In terms of the first modeled event stream 310 and
the second modeled event stream 410, “X,” is coincident
with “A,” and “A,,” “X,” is not coincident with any event,
and “X,” is coincident with “A,.” In general, the events that
are coincident in the second modeled event stream 410 are
projected onto the first modeled event stream 310. Executing
the “Grouploin” operator between the first modeled event
stream 310 and the second modeled event stream 410
provides a resultant event stream 480. The resultant event
stream 480 includes the coincident events from the second
modeled event stream (e.g., “A,” and “A”) projected onto
the first modeled event stream 310. In other words, “A,” and
“A,” are projected onto the inner event stream 330 and “A,”
is projected onto the additional inner event stream 360.

The “GroupJoin™ operator can be defined as follows:

IObservable<R> GroupJoin<T, U, TD, UD, R>(
this IObservable<T> left,
IObservable<U> right,
Func<T, IObservable<TD>> leftDurationSelector,
Func<U, IObservable<UD>> rightDurationSelector,
Func<T, IObservable<U>, R> resultSelector)

“GroupJoin” can be the basis for other windowing opera-
tors. “GroupJoin” takes two streams as input as well as
duration selectors for each stream. Whenever a new event
occurs on the left stream, a window is opened and “leftDu-
rationSelector” is invoked to determine the duration of the
window. The window is closed whenever any message

10

15

20

25

30

35

40

45

50

55

60

65

8

occurs on the duration. Also, when the window is opened the
“resultSelector” is invoked with the value and the window to
determine the next output in the result stream. The window
can contain all currently open right source values as well as
those which are open before the window is closed. When-
ever a value occurs on the right source, then the value is sent
to all currently open windows. The value is remembered
until the time that the “rightDurationSelector” determines
that the value should be removed. The result stream is sent
an end of stream message whenever no new results can
occur—which is when left stream is done. The windows are
closed as already defined.
For example, executing a “Grouploin:”

xs.GroupJoin(ys, x => duration(x), y => duration(y), (x, yy) => new {
% ¥y })

It is to be appreciated that typical systems do not allow a
duration for the right event stream. Additionally, “Group-
Join” can be expressed in terms of “Publish,” “Select,” and
“TakeUntil.”

The following illustrates that “Grouploin™ has a basic
operation that maps the right source onto the durations of the
left source until duration expires and projects the output:

xs.GroupJoin(ys, f, _ => Empty( ), h) == ys.Publish(ysl => xs.Select(x
=> h(x, ys1.TakeUntil(f(x)))))

Additionally, the “GroupJoin” operator can be expressed
with language syntax. Some languages like C#® and Visual
Basic® supply syntax for “Grouploin.” For example, a
given “Grouploin:”
xs.GroupJoin(ys, f, g, h)
is equivalent to writing

from x in xs
join y in ys on f(x) equals g(y) into results
select h(x, results)

The syntax requires three expressions (s, {(x), and g(y))
and two variable definitions (y and results). Typically, f(x)
and g(y) are considered to be expressions that are used to
compute whether two objects are equal and therefore should
be joined. Yet, this can lead to the notion that the two
expressions indicate duration and compute whether two
objects are coincident and therefore should be joined. Thus,
sources are “IObservables” and the key expressions are
“IObservables.”

FIG. 5 illustrates a coincidence operation 500 on a first
modeled event stream and a second modeled event stream.
The first modeled event stream includes the outer event
stream 310 from FIG. 3 and FIG. 4 and is referred to first
modeled event stream 310. Moreover, the second modeled
event stream 410 is from FIG. 4. FIG. 5 depicts a coinci-
dence operator “Join” executed between the first modeled
event stream 310 and the second modeled event stream 410.

A “Join” operator determines coincidence between the
first modeled event stream 310 (also referred to as “X”’) and
the second modeled event stream 410 (also referred to as
“A”). In terms of the first modeled event stream 310 and the
second modeled event stream 410, “X,” is coincident with
“Ay” and “A,,” “X,” is not coincident with any event, and
“X,” is coincident with “A,.” In general, the events that are
coincident in the second modeled event stream 410 “paired
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up” and merged onto a resultant event stream 510 that
includes the coincident events as point events. The resultant
event stream 510 includes the coincident events from the
second modeled event stream (e.g., “A,” and “A,”) paired
together as point events.

The “Join” operator can be defined as follows:

IObservable<R> Join<T, U, TD, UD, R>(
this IObservable<T> left,
IObservable<U> right,
Func<T, IObservable<TD>> leftDurationSelector,
Func<U, IObservable<UD>> rightDurationSelector,
Fune<T, U, R> resultSelector)

Join can be a special case of “Grouploin” where coinci-
dent events are paired instead of using an entire window. In
fact, “Join” can be defined in terms of “Grouploin” as
follows:

xs.Join(ys, f, g, 1) == xs.GroupJoin(ys, f, g, (%, yy) => yy.Select(y
=> 1(x, y)))-Merge( )

Using the above definition, coincident events are paired
and the results are merged together. The “Join” operator can
be executed on the first modeled event stream 310 and the
second modeled event stream 410 as follows:

xs.Join (ys, x=>duration (x), y=>duration (y), (X,
y)=new {x. y 1

Thus, the pairings are depicted at the later of the two
events since that is the earliest point at which the pairings are
known to be coincident. It is to be appreciated that the outer
stream now terminates later. The outer stream is terminated
because this is the point at which there will be no further
coincident events. However, a tighter bound can be
employed in which the stream is terminated when either the
left and all left durations have ended or when the right and
all right durations have ended. In either case, it is known that
no further combinations are possible. It is to be appreciated
that this tighter bound is not expressed given our definition
in terms of “GrouplJoin.”

The “Join” operator can be expressed with language
syntax. Similar to Grouploin, some languages like C#® and
Visual Basic® supply syntax for “Join.” For example:

xs.Join(ys, f, g, h)
is equivalent to writing

from x in xs
join y in ys on f(x) equals g(y)
select h(x, y)

The notion of key selector is changed to duration selector
and equivalence to coincidence.

FIG. 6 illustrates a coincidence operation 600 on an event
stream and a modeled event stream. The coincidence opera-
tion 600 includes a first event stream 610 (also referred to as
“X”) that includes events “X,,” “X,,” “X,,” and “X;.” It is
to be appreciated that the first event stream 610 can be, for
example, a data stream. The coincidence operation 600
further includes a modeled event stream 620 (also referred
to as “A”) that includes events “A,,” “A,,” and “A,.” The
modeled event stream 620 (also referred to as the outer event
stream) can include an inner event stream 630 (representa-
tive of duration for “A,” with a termination 640), an
additional inner event stream 650 (representative of duration
for “A,” with a termination 660), and an additional inner
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event stream 670 (representative of duration for “A,” with
a termination 680). It is to be appreciated that the events
“Ag,” “AL” and “A,” from the modeled event stream 620
can be windows in which to map events from the first event
stream 610 (e.g., collect events “X,,” “X,,” “X,,” and/or
“X;” based on coincidence). Moreover, the additional event
streams (e.g., inner event stream 630, additional inner event
stream 650, and additional inner event stream 670) and
respective durations can be defined in order to capture
coincident events accordingly. In other words, the number of
windows (e.g., additional event streams) as well as the
duration of the windows can be, for example, user-defined
via a query.

Therefore, executing the “Window” operator between the
first event stream 610 and the modeled event stream 620 can
provide a resultant modeled event stream 690. The resultant
modeled event stream 690 includes the events from the first
event stream 610 (also referred to as “X”) mapped onto the
modeled event stream 620 (also referred to as “A”). In terms
of the first event stream 610 and the modeled event stream
620, “A,” is coincident with “X,” and “X,,” “A,” is
coincident with “X,,” and “A,” is coincident with “X,.”
Thus, the modeled event stream 690 includes “X,” and “X,”
within the inner event stream 630, “X,” within the additional
inner event stream 650, and “X;” within the additional inner
event stream 670. In general, the window openings and
closings are defined in which data (e.g., first event stream
610) is posted therein.

The “Window” operator can be defined as follows:

IObservable<IObservable<T>> Window<T, U, V>(
this IObservable<T> data,
IObservable<U> windowOpenings,
Fune<U, IObservable<V>> windowCloseSelector)

The “Window” operator can be defined to take a data
stream and a window defining stream. The data can be
mapped onto the defined windows. This can be substantially
similar to the “Grouploin variation” that is defined in terms
of “Select” and “TakeUntil.” Therefore, “Window” can be
defined in terms of “Grouploin” as follows:
xs.Window(ys, f)==ys.Grouploin(xs, f,
(L, XX)=>XX)

With a given data stream and a stream of windows, the
results can be the data stream mapped onto the defined
windows.

The “BufferWithTime” operator can be defined as fol-
lows:

x=>Empty( )

IObservable<IObservable<T>> BufferWith Time<T>(
this IObservable<T> data,
TimeSpan shift,
TimeSpan span,
IScheduler scheduler)

Windowing can be based on time. For example, time can
be windowed based on a size of the window in time and a
time shift to the next window. It is to be appreciated that this
“BufferWithTime” operator can be defined in terms of the
“Window” operator (as discussed above). “BufferWith-
Time” creates windows at “shift” with duration of “span.”
With “BufferWithTime,” the data stream is not dictating
windows (although the data stream can be used to drive the
windows as discussed below). For example:



US 9,477,537 B2

11

xs.BufferWithTime(shift, span, scheduler) == xs.Window(Timer(0,
shift, scheduler), _ => Timer(span, scheduler))

Furthermore, data dependent data operators can be
employed with the subject disclosure. The data dependent
operators can be, but are not limited to, “CombinelLatest”
and “BufferWithCount.”

Data-dependent “Joins™ can be self-joins. Since reactive
streams are any self join, the stream itself can be broadcast
to appropriately share data. This can be done by using
“Publish.” For example, the self join can be as follows:

xs.Publish(xsl => xs1.Join(xs1, durationSelector, durationSelector,
(x1, x2) => new { x1,%x2 })

A number of interesting combinators can be modeled. For
instance, “CombinelLatest” or “CombinelLatestLeft” (e.g.,
Combinelatest but replaces_=>ysl with_=>Empty( )) is
illustrated as follows:

xs.CombineLatest(ys, f) == Publish(xs, ys, (xsl, ysl) =>
xsl.Join(ysl, __ =>xsl, __ =>ysl, §))

Thus, “CombineLatest” can be a defined as a data-driven
Windowing operator. The “Combinel.atest” operator can
replicate a latch in hardware in which the latest values on
both streams are identified. This allows the definition of
“BufferWithCount™ as a data-driven Windowing operator as
follows:

xs.BufferWithCount(n, m) == xs.Publish(xsl =>
xsl.Window(xs1.Select((x, i) => i).Where(i => 1 % m == 0), _ =>
xs1.Skip(n - 1)))

IObservable is employed in the above examples. How-
ever, it is to be appreciated that IEnumerable can be
employed as well. In other words, IObservable and IEnu-
merable can be seen as interchangeable within the subject
disclosure.

The aforementioned systems, architectures, environ-
ments, and the like have been described with respect to
interaction between several components. It should be appre-
ciated that such systems and components can include those
components or sub-components specified therein, some of
the specified components or sub-components, and/or addi-
tional components. Sub-components could also be imple-
mented as components communicatively coupled to other
components rather than included within parent components.
Further yet, one or more components and/or sub-compo-
nents may be combined into a single component to provide
aggregate functionality. The components may also interact
with one or more other components not specifically
described herein for the sake of brevity, but known by those
of skill in the art.

Furthermore, as will be appreciated, various portions of
the disclosed systems above and methods below can include
or consist of artificial intelligence, machine learning, or
knowledge or rule-based components, sub-components,
processes, means, methodologies, or mechanisms (e.g., sup-
port vector machines, neural networks, expert systems,
Bayesian belief networks, fuzzy logic, data fusion engines,
classifiers . . . ). Such components, inter alia, can automate
certain mechanisms or processes performed thereby to make
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portions of the systems and methods more adaptive as well
as efficient and intelligent. By way of example and not
limitation, the transform component 110 or one or more
sub-components thereof can employ such mechanisms to
efficiently determine or otherwise infer generating addi-
tional event streams to a first stream in order to represent
duration for at least one event on the first event stream.

In view of the exemplary systems described supra, meth-
odologies that may be implemented in accordance with the
disclosed subject matter will be better appreciated with
reference to the flow charts of FIGS. 7-8. While for purposes
of simplicity of explanation, the methodologies are shown
and described as a series of blocks, it is to be understood and
appreciated that the claimed subject matter is not limited by
the order of the blocks, as some blocks may occur in
different orders and/or concurrently with other blocks from
what is depicted and described herein. Moreover, not all
illustrated blocks may be required to implement the methods
described hereinafter.

FIG. 7, a method of creating an event stream for a point
event to represent duration 700 is illustrated. At reference
numeral 710, at least one event from an outer event stream
is received. By way of example and not limitation, the event
from the outer event stream can be a point event. At
reference numeral 720, an inner event stream that represents
duration for the at least one event is created. In general, the
outer event stream that includes at least one event is trans-
formed (e.g., exploiting the created inner event stream to
represent duration) to an event stream with duration(s). The
inner event stream can be an additional event stream created
for each event in order to correspond to duration for each
event. By way of example and not limitation, an outer event
stream can include events “A,” “B,” and “C” in which the
following additional event streams are created: an inner
event stream “A" to represent duration for point event “A"’
an inner event stream “B" to represent duration for point
event “B;” and an inner event stream “C"™ to represent
duration for point event “C.”

FIG. 8 depicts a method of exploiting a modeled event
stream with duration to ascertain coincidence between
events 800. At reference numeral 810, at least one event
from an outer event stream is identified. At reference
numeral 820, an inner event stream for the at least one event
is injected to represent duration for the at least one event.
The inner event stream can be injected upon the start of the
at least one event from the first event stream. By way of
example and not limitation, an event “A” can be streamed
from an outer event stream in which an inner event stream
can be created (e.g., started) based upon the streaming from
the outer event stream. Furthermore, it is to be appreciated
that a corresponding additional event stream (e.g., inner
event stream) can be injected for two or more events in order
to represent duration for such events on the outer event
stream. By representing the duration of the at least one event
with the injected inner event stream, duration is accurately
represented for events that have finite or infinite duration. By
way of example and not limitation, an infinite duration event
can include an injected event stream, wherein the injected
event stream can be infinite in order to represent the infinite
duration of the infinite duration event.

At reference numeral 830, coincidence is determined
between a first event and a second event as a function of the
inner event stream. As discussed, coincidence is a duration
in which a first event overlaps with a duration of a second
event or a set of events on an event stream. More generally,
coincidence identifies a commonality between tables of data,
wherein in the tables of data are, for instance, event streams,
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and the commonality is the two events overlap. By way of
example and not limitation, coincidence between a first
event and a second event can be ascertained by exploiting an
operator such as “GroupJoin,” “Join,” “Window,” “Buffer-
WithTime,” “CombineLatest,” “BufferWithCount,” and the
like. By utilizing the transformed event stream (e.g., the
outer event stream with an injected inner event stream to
represent a duration of at least one event), operators can be
employed to identify coincidence.

As used herein, the terms “component” and “system,” as
well as forms thereof are intended to refer to a computer-
related entity, either hardware, a combination of hardware
and software, software, or software in execution. For
example, a component may be, but is not limited to being,
a process running on a processor, a processor, an object, an
instance, an executable, a thread of execution, a program,
and/or a computer. By way of illustration, both an applica-
tion running on a computer and the computer can be a
component. One or more components may reside within a
process and/or thread of execution and a component may be
localized on one computer and/or distributed between two or
more computers.

The word “exemplary” or various forms thereof are used
herein to mean serving as an example, instance, or illustra-
tion. Any aspect or design described herein as “exemplary”
is not necessarily to be construed as preferred or advanta-
geous over other aspects or designs. Furthermore, examples
are provided solely for purposes of clarity and understanding
and are not meant to limit or restrict the claimed subject
matter or relevant portions of this disclosure in any manner.
It is to be appreciated a myriad of additional or alternate
examples of varying scope could have been presented, but
have been omitted for purposes of brevity.

As used herein, the term “inference” or “infer” refers
generally to the process of reasoning about or inferring
states of the system, environment, and/or user from a set of
observations as captured via events and/or data. Inference
can be employed to identify a specific context or action, or
can generate a probability distribution over states, for
example. The inference can be probabilistic—that is, the
computation of a probability distribution over states of
interest based on a consideration of data and events. Infer-
ence can also refer to techniques employed for composing
higher-level events from a set of events and/or data. Such
inference results in the construction of new events or actions
from a set of observed events and/or stored event data,
whether or not the events are correlated in close temporal
proximity, and whether the events and data come from one
or several event and data sources. Various classification
schemes and/or systems (e.g., support vector machines,
neural networks, expert systems, Bayesian belief networks,
fuzzy logic, data fusion engines . . . ) can be employed in
connection with performing automatic and/or inferred action
in connection with the claimed subject matter.

Furthermore, to the extent that the terms “includes,”
“contains,” “has,” “having” or variations in form thereof are
used in either the detailed description or the claims, such
terms are intended to be inclusive in a manner similar to the
term “comprising” as “comprising” is interpreted when
employed as a transitional word in a claim.

In order to provide a context for the claimed subject
matter, FIG. 9 as well as the following discussion are
intended to provide a brief, general description of a suitable
environment in which various aspects of the subject matter
can be implemented. The suitable environment, however, is
only an example and is not intended to suggest any limita-
tion as to scope of use or functionality.
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While the above disclosed system and methods can be
described in the general context of computer-executable
instructions of a program that runs on one or more comput-
ers, those skilled in the art will recognize that aspects can
also be implemented in combination with other program
modules or the like. Generally, program modules include
routines, programs, components, data structures, among
other things that perform particular tasks and/or implement
particular abstract data types. Moreover, those skilled in the
art will appreciate that the above systems and methods can
be practiced with various computer system configurations,
including single-processor, multi-processor or multi-core
processor computer systems, mini-computing devices,
mainframe computers, as well as personal computers, hand-
held computing devices (e.g., personal digital assistant
(PDA), phone, watch . . . ), microprocessor-based or pro-
grammable consumer or industrial electronics, and the like.
Aspects can also be practiced in distributed computing
environments where tasks are performed by remote process-
ing devices that are linked through a communications net-
work. However, some, if not all aspects of the claimed
subject matter can be practiced on stand-alone computers. In
a distributed computing environment, program modules may
be located in one or both of local and remote memory
storage devices.

With reference to FIG. 9, illustrated is an example gen-
eral-purpose computer 910 or computing device (e.g., desk-
top, laptop, server, hand-held, programmable consumer or
industrial electronics, set-top box, game system . . . ). The
computer 910 includes one or more processor(s) 920,
memory 930, system bus 940, mass storage 950, and one or
more interface components 970. The system bus 940 com-
municatively couples at least the above system components.
However, it is to be appreciated that in its simplest form the
computer 910 can include one or more processors 920
coupled to memory 930 that execute various computer
executable actions, instructions, and or components.

The processor(s) 920 can be implemented with a general
purpose processor, a digital signal processor (DSP), an
application specific integrated circuit (ASIC), a field pro-
grammable gate array (FPGA) or other programmable logic
device, discrete gate or transistor logic, discrete hardware
components, or any combination thereof designed to per-
form the functions described herein. A general-purpose
processor may be a microprocessor, but in the alternative,
the processor may be any processor, controller, microcon-
troller, or state machine. The processor(s) 920 may also be
implemented as a combination of computing devices, for
example a combination of a DSP and a microprocessor, a
plurality of microprocessors, multi-core processors, one or
more microprocessors in conjunction with a DSP core, or
any other such configuration.

The computer 910 can include or otherwise interact with
a variety of computer-readable media to facilitate control of
the computer 910 to implement one or more aspects of the
claimed subject matter. The computer-readable media can be
any available media that can be accessed by the computer
910 and includes volatile and nonvolatile media and remov-
able and non-removable media. By way of example, and not
limitation, computer-readable media may comprise com-
puter storage media and communication media.

Computer storage media includes volatile and nonvola-
tile, removable and non-removable media implemented in
any method or technology for storage of information such as
computer-readable instructions, data structures, program
modules, or other data. Computer storage media includes,
but is not limited to memory devices (e.g., random
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access memory (RAM), read-only memory (ROM),
electrically erasable programmable read-only memory (EE-
PROM) . . . ), magnetic storage devices (e.g., hard disk,
floppy disk, cassettes, tape . . . ), optical disks (e.g., compact
disk (CD), digital versatile disk (DVD) . . .), and solid state
devices (e.g., solid state drive (SSD), flash memory drive
(e.g., card, stick, key drive . . . ) .. . ), or any other medium
which can be used to store the desired information and
which can be accessed by the computer 910.

Communication media typically embodies computer-
readable instructions, data structures, program modules, or
other data in a modulated data signal such as a carrier wave
or other transport mechanism and includes any information
delivery media. The term “modulated data signal” means a
signal that has one or more of its characteristics set or
changed in such a manner as to encode information in the
signal. By way of example, and not limitation, communi-
cation media includes wired media such as a wired network
or direct-wired connection, and wireless media such as
acoustic, RF, infrared and other wireless media. Combina-
tions of any of the above should also be included within the
scope of computer-readable media.

Memory 930 and mass storage 950 are examples of
computer-readable storage media. Depending on the exact
configuration and type of computing device, memory 930
may be volatile (e.g., RAM), non-volatile (e.g., ROM, flash
memory . . . ) or some combination of the two. By way of
example, the basic input/output system (BIOS), including
basic routines to transfer information between elements
within the computer 910, such as during start-up, can be
stored in nonvolatile memory, while volatile memory can act
as external cache memory to facilitate processing by the
processor(s) 920, among other things.

Mass storage 950 includes removable/non-removable,
volatile/non-volatile computer storage media for storage of
large amounts of data relative to the memory 930. For
example, mass storage 950 includes, but is not limited to,
one or more devices such as a magnetic or optical disk drive,
floppy disk drive, flash memory, solid-state drive, or
memory stick.

Memory 930 and mass storage 950 can include, or have
stored therein, operating system 960, one or more applica-
tions 962, one or more program modules 964, and data 966.
The operating system 960 acts to control and allocate
resources of the computer 910. Applications 962 include one
or both of system and application software and can exploit
management of resources by the operating system 960
through program modules 964 and data 966 stored in
memory 930 and/or mass storage 950 to perform one or
more actions. Accordingly, applications 962 can turn a
general-purpose computer 910 into a specialized machine in
accordance with the logic provided thereby.

All or portions of the claimed subject matter can be
implemented using standard programming and/or engineer-
ing techniques to produce software, firmware, hardware, or
any combination thereof to control a computer to realize the
disclosed functionality. By way of example and not limita-
tion, the transform component 110 can be, or form part, of
an application 962, and include one or more modules 964
and data 966 stored in memory and/or mass storage 950
whose functionality can be realized when executed by one or
more processor(s) 920, as shown.

In accordance with one particular embodiment, the pro-
cessor(s) 920 can correspond to a system-on-a-chip (SOC)
or like architecture including, or in other words integrating,
both hardware and software on a single integrated circuit
substrate. Here, the processor(s) 920 can include one or
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more processors as well as memory at least similar to
processor(s) 920 and memory 930, among other things.
Conventional processors include a minimal amount of hard-
ware and software and rely extensively on external hardware
and software. By contrast, an SOC implementation of pro-
cessor is more powerful, as it embeds hardware and software
therein that enable particular functionality with minimal or
no reliance on external hardware and software. For example,
the transform component 110, and/or associated functional-
ity can be embedded within hardware in a SOC architecture.

The computer 910 also includes one or more interface
components 970 that are communicatively coupled to
the system bus 940 and facilitate interaction with the com-
puter 910. By way of example, the interface component
970 can be a port (e.g., serial, parallel, PCMCIA, USB,
FireWire . . . ) or an interface card (e.g., sound, video . . . )
or the like. In one example implementation, the interface
component 970 can be embodied as a user input/output
interface to enable a user to enter commands and informa-
tion into the computer 910 through one or more input
devices (e.g., pointing device such as a mouse, trackball,
stylus, touch pad, keyboard, microphone, joystick, game
pad, satellite dish, scanner, camera, other computer . . . ). In
another example implementation, the interface component
970 can be embodied as an output peripheral interface to
supply output to displays (e.g., CRT, LCD, plasma . . . ),
speakers, printers, and/or other computers, among other
things. Still further yet, the interface component 970 can be
embodied as a network interface to enable communication
with other computing devices (not shown), such as over a
wired or wireless communications link.

What has been described above includes examples of
aspects of the claimed subject matter. It is, of course, not
possible to describe every conceivable combination of com-
ponents or methodologies for purposes of describing the
claimed subject matter, but one of ordinary skill in the art
may recognize that many further combinations and permu-
tations of the disclosed subject matter are possible. Accord-
ingly, the disclosed subject matter is intended to embrace all
such alterations, modifications, and variations that fall
within the spirit and scope of the appended claims.

What is claimed is:

1. A method comprising:

receiving a point event in a first event stream; and

creating, by a processor, a second event stream, nested

within the first event stream, to represent duration of
the point event in the first event stream, wherein
creation of the second event stream represents start of
the duration of the point event.

2. The method of claim 1 further comprises comparing the
first event stream with a third event stream comprising and
embedded fourth stream that represents duration of a second
point event to identify coincidence between the point event
and the second point event.

3. The method of claim 2 further comprises projecting at
least one value from the third event stream onto the first
event stream to identify coincidence.

4. The method of claim 2 further comprises matching at
least one pair of values between the first event stream and
the second event stream to identify coincidence, the pair of
values include a value from the second event stream that is
coincident with a value from the first event stream.

5. The method of claim 4 further comprises combining the
at least one pair of values on a resultant event stream that
represents coincidence.
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6. The method of claim 1 further comprises:

employing the second event stream as a window to collect
an event coincident with the second event stream;

comparing the second event stream with a third event
stream; and

mapping a point event from the third event stream into the

window based upon the event coincident with the
second event stream.

7. A system comprising:

an evaluation component configured to identify a point

event from an outer event stream; and

a stream factory component configured to generate an

inner event stream, nested within the outer event
stream, that represents duration of the point event,
wherein at least one of the evaluation component or the
stream factory component are computer-related struc-
tures comprising hardware or a combination of hard-
ware and software.

8. The system of claim 7, the duration of the inner event
stream includes a start of duration and a duration end.

9. The system of claim 8, the start of the duration for the
inner event stream is based upon an identification of the
point event from the outer event stream.

10. The system of claim 8, the duration end is based upon
at least one of a completion of a message for the point event,
or a first message received from the outer event stream upon
creation of the inner event stream.

11. The system of claim 7 further comprising a coinci-
dence component configured to ascertain coincidence that is
an overlap of duration between two events.

12. The system of claim 11, the coincidence component
implements an operator to identify the overlap, the operator
is at least one of “Grouploin,”*“Join,” “Window,” “Buffer-
WithTime,” “CombineLatest,” or “BufferWithCount”.

13. The system of claim 11, the coincidence component
projects a point event onto the inner event stream if a
duration of the point event overlaps with a duration of the
inner event stream.
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14. The system of claim 11, the coincidence component
matches at least one pair of point events and merges the at
least one pair on an event stream, the at least one pair of
point events include a point event from the outer event
stream that overlaps with a point event from a second outer
event stream.

15. A method comprising:

receiving a point event in an outer event stream;

injecting, by a processor, an inner event stream for the

point event within the outer event stream to represent
duration of the point event, wherein creation of the
inner event stream represents start of the duration of the
point event; and

determining coincidence between a first point event and a

second point event as a function of the inner event
stream.

16. The method of claim 15 further comprises transform-
ing the outer event stream that includes the point event to a
modeled event stream with the inner event stream repre-
senting duration for the point event.

17. A computer-readable storage medium, not including
communication media, having instructions stored thereon
that enable at least one processor to perform a method upon
execution, the method comprising:

receiving a point event in a first stream; and

creating, by a processor, a second event stream, nested

within the first event stream, to represent duration of
the point event in the first event stream, wherein
creation of the second event stream represents start of
the duration of the point event.

18. The computer-readable storage medium of claim 17,
the method further comprises determining coincidence
between two point events in the first event stream by
comparing the second event stream with a third event stream
that represents duration of a second point event.
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